INTRODUCTION
Song and Chissom [1] [2] [3] established the fuzzy time series forecasting model in 1993, and first researched the forecasting problem of enrollments of the University of Alabama 1971 Alabama -1992 . A great deal of fuzzy time series forecasting models emerge as the times require, but the prediction accuracy is still not high enough. These forecasting models in [6] [7] [8] [9] [10] [11] [12] [13] [14] [15] are all derived from the defuzzification technology proposed by Jilani, Burney, and Ardil [14, 16] . Stevenson and Porter [11] highly improved the prediction accuracy by using the improved defuzzification technology in 2009. When studying the forecasting problem of enrollments of the University of Alabama 1971-1992, they obtained the best prediction accuracy by 2009 (See Table II ). The defuzzification technology sets a precedent for exploring fuzzy time series forecasting models with high prediction accuracy. In this paper, we further extend their research achievements, and propose the SFBODR(The Set of Fuzzy Time Series Forecasting Models Based on the Ordered Difference Rate). In the study of the forecasting problem of enrollments of the University of Alabama 1971-1992, the AFER(Average Forecasting Error Rate) and MSE(Mean Square Error) of predicted values of enrollments of the forecasting models SFBODR(0.00003, 0.00004) and SFBODR(0.00004,0.00003) are both zero.
II. THE SET OF FUZZY TIME SERIES FORECASTING MODELS BASED ON THE ORDERED DIFFERENCE RATE
This paper continues to use the relevant concepts which are used by Stevenson and Porter [11] . Assuming there is a time series forecasting problem, let E = {E1, E2, …, En} be the universe of discourse for historical data. The formula for calculating the year to year difference rate of historical data is Gp = (Ep -Ep-1) / Ep-1. The universe of discourse for the difference rate of historical data is recorded as G = {G2, G3, …, Gn}. If we arrange each data in G = {G2, G3, …, Gn} from small to large, then constitute a new set g = {g1, g2, …, gn-1}, which is called the universe of discourse for the ordered difference rate of historical data. Definition 1. Assuming there is a time series forecasting problem, let E = {E 1 , E 2 , …, E n } be the universe of discourse for historical data, let G = {G 2 , G 3 , …, G n } be the universe of discourse for the difference rate of historical data, and let g = {g 1 , g 2 , …, g n-1 } be the universe of discourse for the ordered difference rate. The fuzzy number function Jp(  1,  2) is defined on set g as
Definition 2. Assuming there is a time series forecasting problem, let E = {E 1 , E 2 , …, E n } be the universe of discourse for historical data, let G = {G 2 , G 3 , …, G n } be the universe of discourse for the difference rate of historical data, and let g = {g 1 , g 2 , …, g n-1 } be the universe of discourse for the ordered difference rate. If the ordered difference rate g p (p{1, 2, …, n-1}) corresponds to the difference rate G b (b{2, 3, …, n}), then the inverse fuzzy number function I p (  1 ,  2 ) of the fuzzy number function Jp(  1,  2) is defined on set g as 
When  1=  2=  , the inverse fuzzy number function of SFBODR is recorded as I p (  )(p=1, 2, …, n-1). If the ordered difference rate g p corresponds to the difference rate G b of year b, then Ip(  1,  2) represents the approximation of the difference rate Gb of year b. Definition 3. Assuming there is a time series forecasting problem, let E = {E 1 , E 2 , …, E n } be the universe of discourse for historical data, let G = {G2, G3, …, Gn} be the universe of discourse for the difference rate of historical data, and let g = {g1, g2, …, gn-1} be the universe of discourse for the ordered difference rate. For each selected p  {1, 2, …, n-1}, the forecasting function Hp(  1,  2) is defined as Assuming there is a time series forecasting problem, let E = {E 1 , E 2 , …, E n } be the universe of discourse for historical data, let G = {G 2 , G 3 , …, G n } be the universe of discourse for the difference rate of historical data, and let g = {g 1 , g 2 , …, g n-1 } be the universe of discourse for the ordered difference rate. If the membership degree  1 and  2 fetch specific values in [0,1), a forecasting formula SFBODR(  1,  2) can be established by (3) . In the study of the time series forecasting problem, the application steps are as follows: 1). Write out the historical data table of time series forecasting problem;
2). Write out the universe of discourse H for the historical data, the universe of discourse G for the difference rate and the universe of discourse g for the ordered difference rate;
3). Write out the forecasting formula SFBODR(  1 ,  2 ); 4). Use SFBODR(  1 ,  2 ) to calculate the predicted values of the historical data.
Thus, the forecasting formula SFBODR(  1 ,  2 ) is a fuzzy time series forecasting model SFBODR(  1,  2).
Definition 4. For a time series forecasting problem, let E = {E1, E2, …, En} be the universe of discourse for historical data, let G = {G2, G3, …, Gn} be the universe of discourse for the difference rate of historical data, and let g = {g1, g2, …, gn-1} be the universe of discourse for the ordered difference rate. When  1 and  2 fetch each value in the semi-closed and semi-open interval [0,1), infinite fuzzy time series forecasting models SFBODR(  1 ,  2 ) can be obtained. All the time series forecasting models SFBODR(  1 ,  2 ) are taken as elements, and they constitute a set, which is called SFTSFMBODR(The Set of Fuzzy Time Series Forecasting Models Based on the Ordered Difference Rate), the abbreviation is simplified as SFBODR. The general element of SFBODR is SFBODR(  1,  2). SFBODR(  1,  2) represents the forecasting formula of a fuzzy time series as well as a fuzzy time series forecasting model taking SFBODR(  1 ,  2 ) as the forecasting formula.
Theorem. For a time series forecasting problem, let E = {E 1 , E 2 , …, E n } be the universe of discourse for historical data, let G = {G 2 , G 3 , …, G n } be the universe of discourse for the difference rate of historical data, and let g = {g 1 , g 2 , …, g n-1 } be the universe of discourse for the ordered difference rate. If the ordered difference rate g p (p {1, 2, …, n-1}) corresponds to the difference rate G b (b {2, 3, …, n}), for each selected p {1, 2, …, n-1}, then In the study of the forecasting problem of enrollments of the University of Alabama 1971-1992, Table I and II give the prediction results of the fuzzy time series forecasting models based on the defuzzification technology. The AFER and MSE of the prediction results in Table I and II are relatively small in all fuzzy time series forecasting models. Especially, Table I gives the prediction results by using SFBODR (0.00004,
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0.00003) and SFBODR (0.00003, 0.00004) to forecast the enrollments of the University of Alabama 1971-1992; the MSE=0 and AFER=0.0%, which are the most ideal prediction accuracy.
In Table I : the formulas of MSE and AFER are: 
III. CONCLUSIONS
In the study of the forecasting problem of enrollments of the University of Alabama 1971-1992, the forecasting models SFBODR(0.00004, 0.00003) and SFBODR(0.00003, 0.00004) given in this paper can obtain MSE=0 and AFER=0.0%(See Table I ), which are already the most ideal prediction accuracy. The history of unsatisfactory prediction accuracy of fuzzy time series forecasting models is terminated. The following work is to dig out forecasting models with high accuracy to predict the unknown data.
